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us
Atlanta, Aubum Hills, Burr Ridge,
Chicago, Jacksonville, Kansas

City, New York, Seattle, St.Louis

BRAZIL
Belo Horizonte, Sao Paolo

WHERE WE ARE

UK
Chester, Manchester,
LONDON, Sheffield

FRANCE
Paris

BENELUX
Amsterdam, Brussels,
Luxembourg

BELARUS
Minsk

SWISS
Zurich

5.
3

ITALY

Barl, Bologna, Firenze,

Genova, Milano, Padova,
Parma, Roma, TORINO,
Treviso, Trieste, Verona

GERMANY
Berlin, Bremen, Dortmund, Disseldorf, Eschbomn, Frankfurt,

GUTERSLOH, Hamburg, Karlsruhe, Kéin, Lobeck. Minden,
Minchen, Potsdam, Regensburg, Stuttgart

POLAND
Katowice

CROATIA
Zagreb

ROMANIA
Bucharest

AUSTRIA
Vienna, In

CHINA
Beijing, Hong Kong,
Nanjing

. SINGAPORE
INDIA oo
Bangalore, Kochi

NEW ZEALAND
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TARGET REPLY ROME

CHI SIAMO PARTNER TECNOLOGICI

Qlik@® MiroStrategy

Societa del Gruppo Reply focalizzata e
specializzata nell'implementazione di
soluzioni che coinvolgono Big Data e

Advanced Analytics. (5338 {'.!}expprt . TIBC®

LA NOSTRA VISION _
| , _, (%) CONFLUENT ravel

Ci concentriamo su soluzioni end-to-end

unendo la nostra profonda competenza H+Fi+ableau %",% snowflake

tecnica alla nostra conoscenza del '

business in settori quali: finanza, banca, (‘ informatica I(NIME

telecomunicazioni e industriale.



DATA SCIENCE
& ANALYTICS

Estraiamo valore dai dati per indirizzare e
anticipare le sfide aziendali per poi mettere
insieme tecnologia ed esperienza utente per

supportare il business nei processi di analisi.

DATA
ARCHITECTURE

Adottiamo le soluzioni tecnologiche piu
innovative ed adeguate al contesto, anche

prospettico, del cliente.

LA NOSTRA OFFERTA

Implementiamo strategie e soluzioni per
assicurare il giusto controllo e gestione del

patrimonio informativo societario.

DATA ENGINEERING

Abbiamo maturato ampia competenza nella
realizzazione di soluzioni complesse ed

eterogenee di gestione del dato.

X



LA NOSTRA MISSION

ADVANCED
ANALYTICS & Al

_ O
Machine Learning
Predictive Modeling
Stats & Math Data Warehousing
Al automation / ETL & DQ Tools
Geo analytics \ o— Business Intelligence & Dashboarding
Advanced Marketing Analytics Data Governance
o

DATA COMPETENCE
CENTER

Data science and big data experts
Sand box
POCs, Pilots, Hackatons

Big Data Architectures
Hadoop No SQL
Distributed Computing
Data Quality

Data Governance

SW selection

Active collaborations with Universities



DATA SKILLS

Analysis

Solving

Al/ML

Data
Competence

® Process

Center

Data Architect
®

Programming

Structure

Visualization

Data Scientist Data Analyst

Data Engineer

N



SAS COMPETENCE CENTER

Advanced Analytics

Gsas

Multivariate Analysis

' — %
SA Business Intelligence SAS \/|ya

J 1 Data Management

Predictive Analytics



KNIME COMPETENCE CENTER

Blend & Transform Validate & Deploy ‘ SVi|uppO mOdelll M L/A|

‘ Consulenza

Model & : Production : c & Formazione e tutorin
Visualize Creation Process Production e ‘ g
‘ Corsi per la certificazione
‘ Corsi specialistici
Optimize & Capture Monitor & Update
KNIME KNIME
Analytics Platform Server
KNIME KNIME Community Partner Team End User API Managed

Extensions Integrations Extensions Extensions Collaboration Applications Services Execution



S\NEBINAR,,

DATA SECURITY

WEBINAR (Lingua italiana)

Swarm Robotics Platforms 29 luglio 2020 | dalle 12:00 alle 13:00

SEP 7, 2020

SENTIMENT ANA
FOR A REAL TIME

ITALIAN

Online Course

Platform yor Data
Scientists: Basics - Online
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TARGET

RIPARTIRE DAI DATI.
COME (RI)AVVIARE IL
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CON LA DATA
VIRTUALIZATION
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THESIS PROPOSALS 1/2
Al/ML/DL FOR SMART FARMING

The aim of the thesis is to develop AI/ML/DL models of Smart Farming sector, for solving problems like plants development,
plants pathogen detection and many other

ML/NLP FOR BRAND REPUTATION

The aim of the thesis is to develop a stack of ML/NLP models able to provide, with high accuracy, sentiment, topics
and brand reputation based on the analysis of articles, post, tweets and any other textual information related to a
brand/company and its products/services.

VIDEO ANALYTICS FOR SMART CITIES

The aim of the thesis is to develop video analytics models able to detect in real time dangerous situations, crowd
management, movement in unwanted or prohibited areas, and similar

PREDICTIVE MAINTENANCE

The aim of the thesis is to develop deep learning models able to detect, with high accuracy, anomalies and failure patterns §
and provide early warnings based on data collected for an extended period to observe the system throughout its
degradation process.




THESIS PROPOSALS 2/2
TRAJECTORY CLUSTERING e

The aim of the thesis is to develop unsupervised, supervised and semi-supervised trajectory clustering models of GSM/WiFi | s | s =
data for solving generic tasks like object motion prediction, traffic monitoring, activity understanding, or abnormal detection. :

PASSENGERS FLOW FORECASTING

The aim of the thesis is to develop a forecast model able to provide, with high accuracy, the passengers flow in an important ! ‘mms

infrastructural node (like a large station, or an airport hub), with fine time granularity (5-10") and short-term forecast windows ’” !‘@-Emi% &ﬂ
(7-30 days), based on internal/proprietary and open/social historical data. -

1IOT PREDICTIVE MAINTENANCE -

)~ r

The aim of the thesis is to develop a predictive model able to provide, with high accuracy, the (probability of) fault of a set of ({fh, L ﬁ "7
hardware components in a (very) large communication network infrastructure, based on |IoT sensor data and other data =
considered useful for the task. fih g T°

B e
The aim of the thesis is to develop a forecast model able to provide, with high accuracy, the airplane arrival at the airport, with . = |~
fine time granularity (1-5") and short-term forecast windows (7 days), based on internal/proprietary and open/social historical S Ol
data. fop
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Use Case
Multiple Object
Tracking with
Multiple Cameras




Our Target

Track multiple person in different or similar
places. Use network of cameras in order to
make our tracking algorithm more robust and
precise.

How?

Using a combination of Detection and Multiple
Object Tracking (MoT) algorithms distributed
over several cameras.

Combination of libraries
e DETECTION: YoloV5
e TRACKING: DeepSORT
e OTHER: TorchRelD

cam #1




How our Multiple Object Tracking works?

__Input Video Sequence__ . _ __Object Detection

DeepSORT Features

- Kalman Filtering
- Hungarian assignment
- CNN as association metrics

The combination of these features
make DeepSort a precise tracking
algorithm.

TorchRelD

- Integrate OSnet
- More robust Re-ID

- One of the most lightweight and
performing CNN.

P



Camera Networks Setup

1) Multiple camera streams
video on backend

2) Video sequence are passed | , \/ | __, | occlusion

to YoloV5 detection ]
Id switch

3) Bounding Box detections

are passed to DeepSORT Double check

4) DeepSort assign IDs to all with TorchRelD

new BBox

Id2 Id3 eee idn

5) If there are occlusions of
some id switch, we compare
feature vector of previous
sequence with the last one
in a data structure with
TorchRelD




Put Everything Together




Use Case
Enterprise Data
Platform




ENTERPRISE DATA PLATFORM

.............................. Data Virtualization per
Diamond Layer [ ] [ ] ( ] [ ] WEIDEY 'utente frUitOre

Palladium
Layer
Silver & Golden AURORA

Layer - , - Arricchimento ed
—E

aggregazione dei dati

[Lele]

Talend Talend Tables

Historical

Crystal Layer Y & . Pulizia e filtraggio dei dati di
' input

L0G
Talend Tables
e '
=

Wooden Layer ] ) ]
Data ingestion da sorgenti
esterne su Aurora/Hive

X



COP
Quantum
Computing




COP QUANTUM COMPUTING

Lo scopo della COP Quantum Computing
e quello di maturare esperienza e riuscire a
padroneggiare I'argomento ad un livello
tale da poter offrire in futuro delle soluzioni
per un cliente.

L'idea alla base del QC e quella di sfruttare
| principi cardine della fisica quantistica,
I'entanglement e la sovrapposizione, per
risolvere i problemi non risolvibili con |
computer classici.
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CHALLENGE



CHALLENGE

Cliccate sul link seguente (che trovate nella chat Teams):
https://kahoot.it/challenqe/0646504?challenge-id=dd01bb5c-7ac4-4f04-9263-
33041b30f3d0 1645181984276

Kahoot!

Ready, get set, Kahoot!

Inserite il pin: 0646504


https://kahoot.it/challenge/0646504?challenge-id=dd01bb5c-7ac4-4f04-9263-33041b30f3d0_1645181984276

rome@reply.it
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